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Abstract:Duplicate detection consists in detecting multiple types of representations of a same
object, and every object represented in a database source. Duplicate detection is relevant data
cleaning and data integration applications and has been studied extensively for relational data
describing a single type of object in a single data table.New novel comparison strategy that uses
graph model in terms of relationships proposed for hierarchical data. Insteadpairs of objects at
any level of the hierarchy are compared in an order that depends on their relationships. We use
stringer to evaluate the quality of the clusters obtamed many unconstrained clustering algorithms
used in concert with approximate join techniques.We present new novel iterative algorithm for
duplicate detection system called REVISE. REVISE access to re-examming an object
nfluencing neighbors turn out to be duplicates. The main aim of the project is to detect the
duplicate in the structured data. Proposed system focus on a specific type of error namely fuzzy
duplicates, The problem of detecting duplicate entities that describe the same real-world object is
an important data cleansing task which is important to improve data quality.

Index Terms:record linkage, merge, object matching, XMLDup, Relational data, Pruning
Scheme, Bayesian Network,

LINTRODUCTION

Data mmnng depends on effective data
collection and warehousing as well as
computer  processing. Most  important
property of a company is Data but when data
change data errors such as duplicate
detection occurs we want to make data
cleanng for duplicate  detection] 1].
Duplicate detection model expensive due to
pure size of dataset. We consider an object
to depend different object if the latter helps
finding duplicates of the first actors help
find duplicates in movies, so movies depend

on actors, and actors influence movies [2].
Due to mutual dependencies is occur,
detecting duplicates of one XML element
helps find duplicates of the other, and vice
versa. Therefore, algorithms such as [3] use
dependencies to increase eflectiveness by
performing pairwise examining more than
once. These mnovations lend hope to the
idea that duplicate detection can be made
sufficiently scalable and general purpose is
mtroduced as a generic data-independent
operator. We describe the stringer system
andprovides an evaluation framework for
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understanding what barriers remain towards
the goal of truly scalable and general
purpose  duplication detection algorithms
[4]. Procedures developed for replicate
detection in a lone relation is exactly request
to XML facts and figures, due to the
differences between the two facts and
figures forms [5]. For examples of an
identical object kind may have a different
structure at the instance grade, inside
relatives  habitually have the identical
structure  [5].Recently new class  of
algorithms  for  duplicate  detection is
emerged. We take that class of algorithms as
duplicate  detection in graphs (DDG)
algorithms [6]. These algorithms detect
duplicates  between  representations  of
entities in a data source called candidates by
using relationships we focus on those
algorithms that iteratively detect duplicates
when relationships form a graph [7].
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Fig.1 Graph Representation
I.RELATED WORKS

We review the state of the art for replicate
detection in hierarchical data which is the
focus of consideration of related work, We
mention readers to the publication by
Naumman and Herschel [8].Many studios
deal with hierarchical data we mostly find
works focusing on the XML facts and
figures form. The only exclusion is [9],
which focuses on hierarchical benches in a
facts and figures warehouse. The RCER
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algorithm first introduced n [10] and further
described and  evaluated  represents
candidates and dependencies in a reference
graph. The algorithm re-evaluates distances
of candidate pairs at each iterative step and
selects the closest pairr according to the
distance method Duplicates is merged
together before the next iteration so
effectively  clusters of candidates are
compared [11]. The DogmatiX structure
aims at both effectiveness and effectiveness
n replicate detection [12] . The structure
consists: nommee delineation,  replicates
delineation, and replicate detection. while
the first two supply the delineations essential
for duplicate detection the third constituent
encompasses the genuine algorithm, an
elongaton to XML data of the work of
Ananthakrishna [13].The XMLDup system
first suggested utilizes a Bayesian Network
model (BN) for XML duplicate detection.

III.SYSTEM ARCHITECTURE:

Probabilistic  duplicate detection algorithm
for hierarchical data called XML Dup. It
considers both the resemblance of attribute
content and the relative importance of
descendant elements with respect to
similarity score [14]. This algorithm is used
to improve the efficiency and effective of
run time results. The main characteristic of
such algorithms is lke the majority of
clustering algorithmsto require the number
of clusters as input. All these algorithms
share the same goal of creating clusters that
maximize the intra cluster weights, and
mmimize the mter cluster edge weights [15].
Determining the best possible set of clusters
that satisfies this objective is known to be
computationally intractable. Slightly distinct
method is taken when representing multiple

Available online: https://edupediapublications.org/journals/index.php/IJR/

Page |1051



https://edupediapublications.org/journals
https://edupediapublications.org/journals/index.php/IJR/

p-ISSN: 2348-6848
e-1SSN: 2348-795X

- ® International Journal of Research available
ﬁg at https://edupediapublications.org/journals

Volume 04 Issue 07

June 2017
nodes of the identical kind, as is the case for
the XML nodes marked ads. In this case, we i o G
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Fig 2.System Network Strategy
IV.PROPOSED SYSTEM

It is based on the estimated number of re-
comparisons of neighboring elements that
become necessary if the pair indeed were a
duplicate [16]. An efficient and flexible
detection scheme that supports both
Progressive duplicate detection with map
reduce and parallel duplicate detection. The
proposed system is based on Map Reduce
Algorithm.  Progressive duplicate detection
algorithms apply on selective mput dataset
(Cluster) that significantly increase the
efficiency of finding duplicates if the
execution time is limted.  Duplicate
detection is done on this phase [17] .PSNM
detect duplicate records sequentially. So
Execution Time is higher than PSNM.

Fig.3. Proposed System Architecture
Map Reduce Algorithm

A. Training Dataset: In this Process user
give the mput data to the proposed system.
Here traming dataset loaded from company
database or inserting from user.

B. Data Preprocessing:Data preprocessing is
a data mining technique that nvolves
transforming raw data nto an
understandable format [18].

C. Data Separation: In this process we
separate the large amount of data large data
cannot be fit in to main memory so it is
divided mto different parts each part is
called as cluster.

D. Duplicate Detection: In this process we
detect the duplicate records from cluster

E. PSNM:-Progressive duplicate detection
algorithms  apply on  selective  input
dataset(Cluster) that significantly increase
the efficiency of finding duplicates if the
execution time is limited.
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F. MAPREDUCE: Map reduce algorithm
apply on selective mput dataset(Cluster) that
significantly  increase  the efliciency of
finding duplicates if the execution time is
limited than PSNM [19].

REVISE Algorithm:

REVISE  Algorithm allows a pairwise
comparison to be performed more than once,
and the proposed comparison order reduces
the number of re-comparisons [20]. It is
based on the observation that detecting
duplicates to an object may affect similarity
and duplicate classification on other objects.
It is an exact algorithm for solving the
duplicate detection problem, The procedure
update Open Revise (v, Vv’) first determines
the set of dependent neighbor pairs of v and
V’. Pairs in DUPS are not added back to
OPEN, because they are already known to
be duplicates. We distinguish two cases. In
the first case the potentially added pair (nl,
n2) is already in OPEN, because it has not
been classified yet, and we merely update its
position in the priority queue according to
the newly calculated rank. This is required
because the value of r(nl, n2) depends on
duplicates among I(nl) and I(n2), and the
neighbor pair (v, v’) has just been classified
as duplicate. In case (nl, n2) is neither in
OPEN, nor in DUPS, (nl, n2) is pushed into
OPEN [21].

REVISE Algorithm:

1. G« data graph;

2. OPEN priority queue of candidate pairs
ordered in ascending order of r;
DUPS«—set of duplicate pairs;

4. CLOSED«+ set of possbly re-
classified pairs;

0« similarity threshold;

Inttialize G;

98]
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7. Add all candidate pairs to OPEN;
8. while OPEN not empty do

9. (ci, ¢j)«< OPEN.popFirst ();

10. sim «— sim(ci, cj);

11. if sim> 0 then

12. DUPS « DUPS U {(ci, cj)};

13. updateOpenRevise(ci,cj );

Updating Open in REVISE:

1. Input : Candidate c, candidates c’

2. D(v, V) = {(nl, n2) nl € D(c) An2 €
D(c") Anl 6=n2};

3. foreach (nl, n2) € D(c, c¢) do

4. if (nl, n2) not € DUPS then

5. rupdate = r(nl, n2);

6. if (nl, n2) € OPEN then

7. OPEN.updateRank ((nl,n2),rupdate);

8. else if (nl, n2) € CLOSED then

9. OPEN.push ((nl, n2),rupdate);

We observe that for large values of i, the
number of re-comparisons is generally low
but increases with increasing connection
degree, meaning with decreasing 1 (as more
get actors) and increasing apm [22].

Star Clustering Algorithm

This algorithm is motivated by the fact that
high-quality clusters can be obtained from a
weighted similarity graph by: (1) removing
edges with weight less than a threshold O,
and (2) findng a mmmum clique cover
with maximal cliques on the resulting graph.
The Star clustering algorithm [14] s
proposed as a way to cover the graph by
dense star-shaped sub graphs instead. Aslam
[23] prove several interesting accuracy and
efficiency properties, and evaluate the
algorithm  for document clustering i
mformation retrieval. The Star algorithm
performs clusterng on a weighted similarity
graph G(U, V) as follows.
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1. Let each vertex n G be mitially
unmarked.

2. Calculate the degree of each vertex u €
U.

3. Let the highest degree unmarked vertex
be a star center, and construct a cluster from
the center and its associated vertices. Mark
each node n the newly constructed star.

4. Repeat step c until all the nodes are
marked.

V.RESULT ANALYSIS

Progressive Sorted Neighborhood Method
used for Detecting Duplicate Records mn
minimum amount of time as compare with
simple Sorted Neighborhood Method. The
main  drawback of PSNM i Time
Complexity Because it detecting duplicate
records serially. The performance evaluation
of the proposed PPSNM Method is based on
certain performance metrics.

FIET Irmerwe

Fig.4 Comparison between REVISE & Map
Reduce

VI.CONCLUSION
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New novel duplicate detection approach for
XML data is common top-down and bottom-
up approaches, performs well comparison
strategy we presented considers pair wise
comparisons in ascending order of a rank.
REVISE, gven a high mterdependency
between entities. For low interdependency
there are only few possible re-comparisons,
so the difference between the orders is not
significant for efficiency.We show that this
quality is poor even when compared to other
clustering algorithms that are as efficient.
PPSNM and its utilization for duplicate
record detection, and duplicate record
deletion. On one hand, the extraction of
PPSNM is faster than PSNM due to the Map
Reduce concept. On the other hand, the
mprovement i detection effectiveness is
consistently observed in two applications
Future mmplementation is to develop the on
different structures and complex hierarchical
structures usng machine level language.
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